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1IDC Forecasts Improved Growth for Global Al Market in 2021
2IDC: Edge Spending Guide September 2020
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o Novel computing continua break
tradition Al development paradigms
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o Novel computing continua break
tradition Al development paradigms

» Al development beyond the classic
o Data from loT
o Train on the Cloud
o Inference on the Edge / Cloud
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Raw loT Data From loT

Zhi Zhou, Xu Chen, En Li, Liekang Zeng, Junshan Zhang. Endpoints (e.g.. Sensors)

“Edge Intelligence: Paving the Last Mile of Artificial Intelligence With Edge Computing”
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Zhi Zhou, Xu Chen, En Li, Liekang Zeng, Junshan Zhang.
“Edge Intelligence: Paving the Last Mile of Artificial Intelligence With Edge Computing”
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H. Sedghani, F. Filippini, D. Ardagna. A Random Greedy based Design
Time Tool for Al Applications Component Placement and Resource
Selection in Computing Continua. IEEE Edge 2021. To Appear.




... and dynamic reconfiguration
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« Novel Al automatic design patterns to //{ O - Q| Noww ™ i
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E. Lomurno, S. Samele, M. Matteucci, D. Ardagna. Pareto-Optimal
Progressive Neural Architecture Search. ACM Workshop on
NeuroEvolution@Work 2021

Do Le Quoc, Christof Fetzer: SecFL: Confidential Federated Learning
using TEEs. arXiv
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Personalised Healthcare Maintenance & Inspection Farming 4.0
Developing an automated system for personalised Creating an infrastructure that reduces downtime Delivering edge and intelligent sensors to optimise
stroke risk assessment and prevention. and revenue losses caused by degenerative asset phytosanitary treatments.

performance.
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https://www.ai-sprint-project.eu/



AI-SPRINT Alliance and Adopter Acceleration Club CC,\%SPR/NT

June 2021
- Set up and launch of the Alliance Software Exploit AI-SPRINT technology to design
- Collaboration set-up with customised access. Js=l= - and develop novel Al applications
- Regular briefings on technological and business
innovations, including market outlook, potential
competitors and adopters.

Al
Sprint
Alliance

Offer new Include AI-SPRINT technology into
services through the integration of System their service catalogue to offer easy
AI-SPRINT technology stack integrators to use design frameworks

Join us with a letter of support by writing at:
Niccolo Zazzeri n.zazzeri@trust-itservices.com
Danilo Ardagna danilo.ardagna@polimi.it

17 30/03/2021
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